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LLM Feature Test AUROC (1)

CoQA GSMSK HaluevalQA NQOpen SQuADv2 TriviaQA  TruthfulQA
Llama3.1-8B AttentionScore 0.493 0.720 (0.589 0.556 0.53 0.532 0.541
Llama3.1-8B AttnLogDet 0.769 0.826 0.827 0.793 0.748 0.842 0.814
Llama3.1-8B AttnEigvals 0.782 0.838 0.819 0.790 D.T_ﬁS 0.843 0.833
Llama3.1-8B LapEigvals 0.830 0.872 0.874 0.827 0.791 0.889 0.829
Llama3.2-3B AttentionScore 0.509 0.717 (0.588 0.546 0.530 0.515 0.581
Llama3.2-3B AttnLogDet 0.700 0.851 0.801 0.690 0.734 0.789 0.795
Llama3.2-3B AttnEigvals 0,724 () 768 (1819 0.694 0.723
Llama3.2-3B LapEigvals 0.812 0.870 0.828 I 0.693 0.757 0.832 0.787
Phi3.5 AttentionScore 0.520 0.666 0.541 0.594 0.504 0.540 0.554
Phi3.5 AttnLogDet 0.745 0.842 0.818 0.815 0.769 0.848 0.755
Phi3.5 AttnEigvals 0771 ().794 (0,829 (). 798 0782 (). 850 0.802
Phi3.5 LapEigvals 10.821 0.885 0.836 0.826 0.795 0.872| 0.777
Mistral-Nemo AttentionScore 0.493 0.630 (0.531 (0.529 0.510 0.532 0.494
Mistral-Nemo AttnLogDet 0.728 0.856 0.798 0.769 0.772 0.812 0.852
Mistral-Nemo AttnEigvals (0778 (,.R42 (781 () 761 (). 758 0 RL]_I 0.802
Mistral-Nemo LapEigvals h.BSS 0.890 0.833 0.795 0.812 0.865 0.828
Mistral-Small-24B  AttentionScore 0.516 0.576 0.504 0.462 0.455 0.463 0.451
Mistral-Small-24B  AttnLogDet 0.766 0.853 0.842 0.747 0.753 0.833 0.735
Mistral-Small-24B  AttnEigvals 0.805 0.856 ().848 0.751 0.760 0.844 0.765
Mistral-Small-24B  LapEigvals ilEﬁl 0.925 0.882 0.791 0.820 0.876 0.748
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— GPT-3 Uncertainties ( Manakul et al., 2023 )
— SelfCheckGPT ( Manakul et al., 2023 )
— FOCUS ( Zhang et al., 2023c)
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WikiBio NoteSum
sentence-level passage-level sentence-level passage-level
Methods NonFact NonFact* Factual Pearson Spearman | NonFact NonFact* Factual Pearson Spearman

| GPT-3 Uncertainties |
Avg(-logp) 83.21 38.89 5397 57.04 53.93 80.11 43.69 35.29  39.61 31.55
Avg(H) 80.73 37.09 52.07 55.52 50.87 80.08 43.95 38.04 4036 33.25
Max(-logp) 87.51 35.88 5046  57.83 55.69 79.86 40.17 36.70  38.13 34.75
Max(H) 85.75 3243 50.27  52.48 49.55 81.02 47.33 39.03  42.88 37.24

| SelfCheckGPT (gpt-3.5-turbo) |
BertScore 81.96 45.96 4423  58.18 55.90 76.44 39.69 36.89  25.91 21.24
QA 84.26 40.06 48.14  61.07 59.29 79.69 45.30 3932 41.07 36.54
Unigram (max) | 85.63 41.04 5847 6471 64.91 79.48 43.88 36.15  38.80 33.35
Combi 87.33 44 37 61.83  69.05 67.77 82.38 53.19 40.17  47.79 41.27

| FOCUS |
LLaMA-13B 87.90 43,84 62.46  70.62 63.03 81.11 49.98 38.88  38.17 38.31
LLaMA-30B 89.79 48.80 65.69  77.15 73.24 82.17 43.12 4985 3737 40.09

| OURS |
LLaMA-13B 90.14 61.65 6482  72.11 64.35 85.06 50.70 53.03 55.62 60.81
LLaMA-30B 90.93 61.16 65.70  77.60 74.44 87.95 54.42 61.51 54.77 61.05

| A | +1.14 +12.85 +0.01 4045 +1.20 | +5.57 +1.23  +11.66 +7.83 +19.78 |

WAL FOCUS A “IEprarI kB NAEEEEBEISHE” BIiLE, AN TE NonFact*
5 Factual (PE/EL]W ) ERABAE, R “XRLRIEE” sEEZFIGTT 35
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sentence-level passage-level

NonFact NonFact* Fact Pear. Spear.
Ours 90.93 61.16 6570 77.60 7444
-max | 8648 6486 6352 2332 3857 | . maxivar/decay ZIREIRNL,
- var 90.17 5094 64.82 75.60 72.36 max XmE e XH#E, var/decay
~decay | 89.01 4357 6348 70.19 66.49 gk P Sl
-entity | 8831  43.06 63.10 65.81 60.34 | sentence UE (SEMVEEIEIE) 5 UG (£
-global | 88.75 4388  65.19 70.36 65.49 BAs ) HEE;
- graph _ _ _ 7589 7270 | Passagelg S<IMEIENIRER B
1B BBl EROE (-graph) : BEEZ Pearson 75.89; Spearman 72.20

HTiE BB + NLI %El‘ﬂ%'ﬂ’]&)ﬁﬁx&
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