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GridSearchCV
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SMBO( f, My, T, S)
1 H 0,
2 Fort+ 1to T,
3 z* « argmin, S(z,M;_,),
4 Evaluate f(z*), > Expensive step
5 H— HU (2, f(z*)),
6 Fit a new model M; to H.
7 return H

Figure 1: The pseudo-code of generic Sequential Model-Based Optimization.
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SMBO(f, My, T, S)

1 H+ 0,
Fort < 1to T,

2
3
4 Evaluate f(z*),
5
6
P

return A

xz* « argmin, S(z,M;_,),
> Expensive step
H +— HU(z*, f(z*)),

Fit a new model M, to H.

Figure 1: The pseudo-code of generic Sequential Model-Based Optimization.
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Regression is used to find a function (line) EGPREIJ , ﬁﬁ]ﬁﬂy%ﬁﬁiﬂ}mﬂ
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El,(z) = / maz(y" -y, 0)pum (y|z)dy

o0

A Gaussian process is a probabilistic
method that gives a confidence
for the predicted function
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sklearn svm

arn.model_selection cross_val_score

; = datasets.load_iris()

objective(params):
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et

= svm.SVC(**params)

cv_scores = cross_val_score(svc, iris.data

- cv_scores.mean()
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:hp.choice(
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best = fmin(objective

(best)

iris.target
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— HyperoptR2—fiEid NHEMLICKRIAZRSHBRI TR, ZHERRIRE, HAEEKIFRRA
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— https://github.com/sponsors

« NNI
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RIFFBEMEEFES, FHZFEN. KIS, ZEFXRNIETHE,
— https://nni.readthedocs.io/zh/stable/
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optimization. In 25th annual conference on neural information processing systems ,2011
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sklearn.model_selection.GridSearchCV. https://scikit-

learn.org/stable/modules/generated/sklearn.model_selection.GridSearchCV.html#sklearn.m
odel_selection.GridSearchCV

sklearn.model_selection.RandomizedSearchCV. https://scikit-
learn.org/stable/modules/generated/sklearn.model_selection.RandomizedSearchCV.html#s
klearn.model_selection.RandomizedSearchCV

Hyperopt: Distributed Hyperparameter Optimization.
https://github.com/hyperopt/hyperopt#getting-started
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