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GATNE Base Embedding
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GATNE Edge Embedding
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GATNE 33usth
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- SCYGLER (EEETUN )

Amazon YouTube Twitter Alibaba-5
ROC-AUC PR-AUC F1 ROC-AUC PR-AUC F1 ROC-AUC PR-AUC F1 ROC-AUC PR-AUC F1

DeepWalk 94.20 94.03 87.38 71.11 70.04 £5.52 69.42 72.58 62.68 59.39 60.62 56.10
node2vec 94.47 94.30 B7.88 71.21 70.32 65.36 69.90 73.04 63.12 62.26 63.40 55.49
LINE 81.45 74.97 76.35 64.24 63.25 62.35 62.29 60.88 58.18 53.97 54.65 52.85
metapath2vec 94.15 94.01 87 .48 70.98 70.02 65.34 69.35 72.61 62.70 60.94 61.40 58.25
ANRL 71.68 70.30 67.72 75.93 73.21 70.65 70.04 67.16 64.69 58.17 55.94 56.22
PMNE(n) 05.59 05.48 89.37 65.06 63.59 60.85 69.48 72.66 62.88 62.23 63.35 58.74
PMNE(r) B3.38 88.56 79.67 T0.61 69.82 65.39 62.91 67.85 56.13 35.29 a7.49 33.65
PMNE(c) 93.55 93.46 86.42 68.63 68.22 63.54 67.04 70.23 60.84 531.57 51.78 51.44
MWVE 02.98 93.05 &7.80 70.39 7010 65.10 72.62 73.47 67.04 60.24 60.51 57.08
MNE 90.25 91.74 83.25 82.30 82.18 75.03 91.37 91.65 84.32 62.79 63.82 28.74
GATNE-T 97.44 97.05 92.87 84.61 81.93 76.83 92.30 91.77 84.96 66.71 67.55 62.48
GATNE-1 96.25 94.77 91.36 84.47 82.32 76.83 92.04 91.95 54.38 70.87 71.65 65.54

— GATNE-T: B¥EIC ( Transductive ) 33]
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— I M Db Dataset || Node | Edge | Metapath
MDM

« XB2—TEBEHEME, icRAPUARBRHRET ¢ movie (M): 4278 e

# M-D: 4,278 DMD

. IMDb || # director (D): 2,081
ﬁ“ﬂ'ﬂw%ﬂ@.ﬁ E\ :Em*ﬂ"‘ﬁﬂ #:::afEA;-:s,zﬁ? # M- 12,825 DMD

AMDMA

:RUthc'r(g;f]:lj’g;; #A-P:19,645 | APA
— DBLP DBLP paper (£): 14, 4 P-T: 85810 | APTPA

# term (T): 7,723 #P-V: 14328 | APVPA

C MR RIMEETIE X Z X RN e (02 "
"“ﬁ.*[l]ﬂf;_jg: fE%\ ibz\ mig*ﬂim.'ﬁ # user (U): 1,892 #U-U: 12,717 UAU

Lastfm || #artist (A): 17,632 | #1]-A: 92,834 UiEiU
# tag (T): 1,088 #AT: 23253 | oo,
ATA

— Last.fm

c ER—TERM, REAP MARSRIRIREFRITER
- TRA=MEE: AP, ZIKK. ZIFIRE
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Dataset | Metrics | Train % Unsupervised Semi-supervised
LINE | node2vec | ESim | metapath2vec | HERec | GCN | GAT | HAN | MAGNN
20% | 44.04 | 49.00 | 4837 46.05 4561 | 52.73 | 53.64 | 56.19 | 59.35
Macropy |_40% | 4545 | 5063 | 5009 4757 46.80 | 53.67 | 55.50 | 56.15 | 60.27
acro- bl 14700 | 5165 | 5145 48.17 46.84 | 54.24 | 56.46 | 57.29 | 60.66
MDb 80% | 47.49 | 5149 | 5137 49.99 4773 | 5477 | 57.43 | 5851 | 6L44
20% | 4521 | 49.94 | 4932 47.22 46.23 | 52.80 | 53.64 | 5632 | 59.60
Micropy | 40% | 4692 5177 | 5121 48.17 4789 | 53.76 | 55.56 | 5732 | 60.50
60% | 4835 | 5279 | 5253 49.87 4819 | 54.23 | 56.47 | 5842 | 60.88
80% | 4898 | 5272 | 5254 50.50 4911 | 54.63 | 57.40 | 59.24 | 6153
20% | 87.16 | 8670 | 90.68 88.47 90.82 | 88.00 | 91.05 | 91.69 | 93.13
Macropy | 20% | 88385 | 8807 | o161 89.91 9144 | 89.00 | 91.24 | 91.96 | 93.23
60% | 88.93 | 88.69 | 91.84 90.50 9208 | 8943 | 91.42 | 92.14 | 93.57
BBLP 80% | 89.51 | 8893 | 9227 90.86 92.25 | 89.98 | 91.73 | 9250 | 94.10
20% | 87.68 | 87.21 | 91.21 89.02 91.49 | 8851 | 91.61 | 9233 | 93.61
Vicropy | 40% | 8925 | 8851 | 9205 90.36 9205 | 8922 | 91.77 | 9257 | 93.68
60% | 89.34 | 89.09 | 92.28 90.04 92.66 | 8957 | 91.97 | 9272 | 93.99
80% | 89.96 | 89.37 | 92.68 91.31 9278 | 9033 | 92.24 | 93.23 | 94.47

- TBEXHILEE T B ZHBEESEESHER, IERTBERNRSHENIT

Dataset | Metrics | LINE | node2vec | ESim metapatﬁZv&c HERec | GCN | GAT | GATNE (| HAN
Last f AUC | 85.76 67.14 82.00 92.20 91.52 | 9097 | 9236 | 89.21
st AP 88.07 64.11 82.19 90.11 8047 | 91.65 | 91.55 88.86
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