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Algorithm 1 A feature-partitioned collaborative learning
framework
Input: learning rate n
Output: Model parameters 64, 05 ... O Party 1,2,... K,
initialize 01, 6-, ... 0.
for j =1to N do

k computes and sends { H*};cs to party K

party K computes and sends {% ics to all other
parties;
for each party k=1,2,... ,K in parallel do

update 0" = 0, — nV/;
end for
ﬁ end for
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Output: poisoned gradient matrix G'poisoned
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dH,; 00 en
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MNIST NUS-WIDE ' 0 Numéoer of eg)ochs ° . : o Numéoer of esoochs . *
untrainable active party | 95.7% 88.5%
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*’T‘EEEB{];EEE ) E%EEIEEE % 04 %ovs
% 02 g 0.70
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