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Glucocorticoid receptors in peripheral blood lymphocytes of patients with
BroncHIBIBSthma. Quantitation of glicocorticold receptors (GCR) and the
study of their affinity for NSNS @) were made in peripheral
blood lymphocytes of Bronchial asthma (BA) patients in consideration of GCR
treatment and serum levels of endogenous .
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Téackstrom et al. (2012) | 59.30 | 58.40 | 40.40
Tsai et al. (2016) 60.55 | 61.56 | 48.12
Ni et al. (2017) 65.10 | 65.40 | 58.50
Mayhew et al. (2017) | 65.95|66.50 | 59.11
Xie et al. (2018) T23T| 71.25 | 57.76
Wu and Dredze (2019)" | 74.50 | 79.50 | 71.10
Moon et al. (2019)" | 75.67 | 80.38 | 71.42
Wu et al. (2020) 76.75 | 80.44 | 73.16
Ours 76.94 | 80.89 | 73.22
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Single-source:
Ours 76.94 80.89 1322
HL |76.60 (-0.34) | 80.43 (-0.46)|72.98 (-0.24) FBEIESNERIZED
MT |75.60 (-1.34)|79.99 (-0.90) | 71.76 (-1.46) ~ —HETE
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. SCIGESER: « ATIKNMMCONLLEUEE T12F

— Datasets 13PCHM3CGHUIBE L ZBERINER
- 3PC [ 13CG_ g

Crichton et al. (2017) 81.92 | 78.90
STM-TARGET 82.59 76.55
MULTITASK(NER+LM) | 81.33 | 75.27 « MUILTITASK(NER+LM)ZEM =
MULTITASK(NER) 83.09 1113 _ A =L
FINETUNE 82.55 | 76.73 Eﬁﬁiifgmgi‘:“/m RS
STM+ELMO 82.76 | 78.24 IRES 5 I SRS
Co-Lm 84.43 | 78.60 - FEWUNMBIESIARe SHEBEIPRRIES
Co-NaR 8?’:87 78:43 B, BiMEiE{ESZiganl s
FINAL 85.54" | 79.86'
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Datasets
Methods 13PC | 13CG
Crichton et al. (2017) 81.92 78.90
STM-TARGET 82.59 76.55
MULTITASK(NER+LM) | 81.33 1521
MULTITASK(NER) 83.09 77.73
FINETUNE 82.55 76.73
STM+ELMO 82.76 78.24
Co-Lm 84.43 78.60
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Crichton et al. (2017) | 81.92 | 78.90 RS TENBITENER
STM-TARGET 82.59 76.55 Mix-Data —@® ( FFiE->EFr il )
MULTITASK(NER+LM) | 81.33 T
MULTITASK(NER) 83.09 77.73 .
FINETUNE 82.55 | 76.73 Final Col
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Co-Lm 84.43 78.60
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