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o AL F——Tensorflow — Neural Network Playground
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layers of hidden variables output
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Adjusted Rand Index
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— WFTRUNIEIESEE (Wine, Olive, Ecoli, Vehicle, Satel lite) , MJEh=2fKIR
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DGMM | 0.983 0.006 | 0.997 0.002 | 0.749  0.187 | 0.191 0.481 [ 0.604 0.249

Dataset Wine Olive Eeoli Vehicle Satellite
ARI mr. | ARI ma. | ART ma. | ARI m.ar. | ARI m.r.

k-means | 0.930 0.022 | 0.448 0.234 | 0.548 0.298 | 0.071 0.629 | 0.529 0.277
PAM 0.863 0.045 | 0.725 0.107 | 0.507 0.330 | 0.073 0.619 | 0.531 0.292
Hclust 0.865 0.045 | 0.493 0.215 ] 0.518 0.330 | 0.092 0.623 | 0.446 0.337
GMM 0.917 0.028 | 0.535 0.195 |1 0.395 0.414 | 0.089 0.621 | 0.461 0.374
SNmm | 0.964 0.011 | 0.816 0.168 - - 0.125 0.566 | 0.440 0.390
STmm | 0.085 0.511 | 0.811 0.171 - - 0.171 0.587 | 0.463 0.390
FMA 0.361 0.303 | 0.706 0.213 ] 0.222 0.586 [ 0.093 0.595 | 0.367 0.426
MFA 0.983 0.006 | 0.914 0.052 ] 0.525 0.330 | 0.090 0.626 | 0.589 0.243
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| 1]Deep Gaussian Mixture Models. Cinzia Viroli , Geoffrey J.McLachlan

|2]Deep Learning. Yann LeCun , Yoshua Bengio , Geoffrey Hinton
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